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Genetic Algorithm using a Population Database on the Grid

ToMOYUKI HIROYASU,t MITSUNORI MIKI,'t TEPPEI KATAURAf
and YUSUKE TANIMURAf

Grid has the possibility that Grid’s calculation performance and storage capacity are supe-
rior to super computer’s. Technology calculation field needs the high calculation performance
and the database of huge storage capacity. In this paper, We build the system with which
calculation and database are united on the Grid. And when we adopt Genetic Algorithm in
the system, we investigate that this system is a effective.
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