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Crossover plays very important role in Genetic Algorithms (GA). In this paper, we propose
Best Combinatorial Crossover (BCX), which generates all possible children from parent in-
dividuals using 1-point crossover (1X), and selects two of the best children. The proposed
crossover operator is evaluated with four standard test functions, and is shows good per-
formance. The differences of the search mechanisms between GAs using 1X and BCX are
clarified from the point of their global and local search abilities.
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