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Divided Range Multi-Objective Genetic Algorithms

ToMOYUKI HIROYASU ,# MITSUNORI MIKI *
and SHINYA WATANABE ft

In this paper, Divided Range Multi-Objective Genetic Algorithm (DRMOGA) is proposed.
This is one of the divided population models, but the population is not randomly divided into
sub populations. In this model, the population of a GA is sorted with respect to the values
of one of the objective functions and divided into sub populations in order. Therefore, the
individuals that are close to each other are collected in a sub population. Applying DRMOGA
to some test functions, its searching ability is examined. Through the numerical examples,
the following points are found. Firstly, the proposed model can find the solutions as fast as
a simple divided population model. Secondly, the quality of the solutions that are obtained
by the proposed model is as good as that of a single population model. According to these
results, it is concluded that the proposed model is an effective distributed and parallel model

of multi-objective GA that can derive the good solutions quickly.
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