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Abstract: In this paper, a new algorithm of Genetic Algorithm for Multi objective Optimization Problems, called
Distributed Cooperation model of MOGA (DCMOGA), is proposed. In the proposed algorithm, there are some
sub populations. One of them is finding a Pareto optimum set and the other is finding an optimum solution
of one of objectives. These sub populations sometimes exchange their searching information respectively. The
proposed algorithm is applied to three types of knapsack test problems. Comparing to the conventional multi
objective optimization methods, the proposed model found the good and widespread Pareto solutions.
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