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Evaluation of Genetic Algorithm for Objective Computation
Methods

Tomoyuki HIROYASU"  Mitsunori MIKI®  Shinya WATANABE™" Takeshi SAKODA" and Jiro KAMIURA™
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In this paper, we discuss the searching ability of several types of multi objective genetic algorithms. We compared
the results of Non-Dominated Sorting Genetic Algorithm-II (NSGA-II), Strength Pareto Evolutionary Algorithm-I1
(SPEA2), Master-Slave model with Local Cultivation model (MSLC) and Multi-Objective Genetic Algorithms with
Distributed Environment Scheme (MOGADES). The comparison of each method is discussed through the numerical
test functions and the knap sack problems. Consequently, the characteristics and effectiveness of these methods are

clarified.
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