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Interactive Genetic Algorithms (iGAs) are optimization technique that builts user’s subjec-
tivity into the evaluation operation in Genetic Operation (GA). IGAs can recommends the
solutions which suits an user’s preference by learning the user’s evaluation of them. In this
research, we applies iGAs to a product recommendation system on shopping sites. However,
the proper definition of iGA’s design variables is needed to apply it to the actual system.
And, it costs a serious cost to input the values of actual commodities to the design vari-
ables. So, in this paper, we poposed an technique for generating the design varibles space of

comodities from the their recommendation relation in Collaborative Filtering.
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