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Interactive recommender system to estimate personal user’s Kansei models
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Abstract

A personalized recommender system is implemented to change recommendation items
into each user on the online shopping services. In generally, collaborative filtering using
large-scale user information is used in these systems. However, this method is not reflected
individual user’s taste or Kansei, because it searches the user that has similar tastes in
large-scale user information. In this paper, I proposed the recommendation method using
the user’s Kansei model that expected by interactive Genetic Algorithm. In the proposed
method, it defined the similarity between words by the Kansei network in the Kansei
model as the neighborhood. Therefore, it can apply to genetic operations. Indicate the
possibility of keyword items on the subject of the simulation, similar to the results by this

method appears recommendation.
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Table 1 Details of Rakuten public data

G BRTE AR

60,123,534 £

R T — & SR

3,555,750 1F

i A I H P2 — R, R

%, FEmEt S, BRGE T RIRE S,
B URL, L ¥ a—f%, L E 2=, @iaimEi URL,
PSR, MR a—F, ¥ x vV ID, BEEHAH

Table 2 Details of after analysis

EEET— 5 GRE 3,555,750 £
P st SO IC B 1 5 BB GRS 221,970 Hijk
MR 7 LEMERE R v b7 =27 Dy P8 2,211,288 4
Iy 8100 PLERIRZ A 7B H3ER Yy b7 =70y P 322,716 K
TRTD/ —FIiczy P 2R EZ2RAHIBREZMABEERY b7 =200y P8 | 437,704 K

Table 3 Examples of analytics for item

Bmy A4 bV | 289 X—% (TF - IDF i)

KRS 54E | EHIR (0.60), I (0.42), T—FRAMF T v A4 (0.33), 77 ¥ — (0.28), ¥7 =Y * 3 (0.23),

(5 (0.22), NA RV F (0.21), =4 ¥ (0.20), FHZF (0.20), #EE (0.19)

Freedom (2) A1 A= (0.43), #7 )V (0.41), HiEk (0.31), F—24 (0.25), =5~ (0.23), &/l (0.22),

BE(0.21), =87 v b= FA XHFH (0.19), WA (0.19), 7 2a—F r—A b=V — (0.18)
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Table 4 Histories of user selection with proposed system (Constraint-1)

A | RS A by | #EE L 2B 7 2 =% BRIz flfk (TF - IDF fif)
1 KEz RS 5E | B (0.60), 1 (0.42), T—FHAPAT v &4 (033), 77 F¥— (0.28), ¥ 7=V * 3 (0.23),
fZ (0.22), NHE Y F (0.21), =4 ¥ (0.20), FEF (0.20), HEEZ (0.19)
2 Freedom (2) AR (0.60), # 7V (042), T—F VA LF T v A (0.31), F—24 (0.28), ¥y ¥ 3 (0.23),
(5 (0.22), SA RV F (0.21), =4 ¥ (0.19), BIA (0.20), 7 2 —F ¥ — A F =Y — (0.20)
3 Freedom (2) A A2 (0.48), ¥ 7V (0.46), Hi¥k (0.34), 7 7 v ¥ ¥ — (0.29), =7~ (0.26), 3 (0.24),
BE(0.24), T=% 7 v b=e—=0FA XFHH (0.22), A (0.22), 7 2 —F v —A b =1 — (0.22)
Table 5 Histories of user selection with proposed system (Constraint-2)
A | FERY A bV | #EE L 2B 7 2 =% BRI ik (TF - IDF fil)
1 AKEZRT 5% | EH (0.60), 7 (0.42), T—FBA AT v ¥4 (0.33), 77 ¥ ¥ — (0.28), ¥ 7=V ¥ 3 (0.23),
1Z (0.22), AHE Y F (0.21), =4 ¥ (0.20), FFETF (0.20), HEEZ (0.19)
2 Freedom (2) A X (0.60), /Mt (0.42), 7 — 4 (0.32), 77 ¥ ¥ ¥ — (0.26), Ty A4 (0.23),
#(0.22), H (0.21), 7 2—F *—A b =Y — (0.20), B (0.20), =4 ¥ (0.19)
3 Freedom (2) A A= (0.55), A (0.44), /INgi (0.33), ZNgt (0.27), 71N (0.24),

%(0.23), #F (0.23), 14 (0.21), T—F 7 v b=—27 74 XA HH (0.20), FEfh (0.20)
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