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Parallerization methods of Evolutionary Computation
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Recently, several heuristic computational methods have been developed. Especially, many researchers are focused
on the evolutionary computation methods that derives its behavior from a metaphor of same of the mechanisms of
evolution in nature. As the result, it is found that the evolutionary computation can be derived good solutions in real
world problems. However, the evolutionary computation needs a lot of iterations of calculation and it takes much
time to derive the solutions. One of the solutions of this problem is to perform evolutionary computation in parallel.
This paper explains the parallerization methods of evolutionary computation. There are also several methods in

evolutionary computation and the genetic algorithms and the simulated annealing are focused.
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Fig. 1  Genetic Algorithm.
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Fig. 3  Flow of coarse-grained model.
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Fig. 4 Flow of micro-grained model.
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Fig. 5 SA and TPSA.
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Fig. 6  Systoric SA.
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